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Fig. 1: Qualitative 3D semantic segmentation results on ScanNet validation set for
scenes scene0645 00, scene0221 00, scene0549 00, and scene0435 01 respectively.
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Fig. 2: Qualitative 3D semantic segmentation results on ScanNet validation set for
scenes scene0050 00, scene0664 01, scene0329 02, and scene0616 01 respectively.
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PointNet [5] 55.7 73.5 66.1 68.6 49.1 74.4 39.2 53.9 45.1 37.5 94.6 37.6 20.5 40.3 35.6 55.3 64.3 49.7 82.4 75.6 51.5
PointConv [8] 66.6 78.1 75.9 69.9 64.4 82.2 47.5 77.9 56.4 50.4 95.3 42.8 20.3 58.6 75.4 66.1 75.3 58.8 90.2 81.3 64.2
PointASNL [9] 66.6 70.3 78.1 75.1 65.5 83.0 47.1 76.9 47.4 53.7 95.1 47.5 27.9 63.5 69.8 67.5 75.1 55.3 81.6 80.6 70.3

KPConv [6] 68.4 84.7 75.8 78.4 64.7 81.4 47.3 77.2 60.5 59.4 93.5 45.0 18.1 58.7 80.5 69.0 78.5 61.4 88.2 81.9 63.2
JSENet [4] 69.9 88.1 76.2 82.1 66.7 80.0 52.2 79.2 61.3 60.7 93.5 49.2 20.5 57.6 85.3 69.1 75.8 65.2 87.2 82.8 64.9

SparseConvNet [3] 72.5 64.7 82.1 84.6 72.1 86.9 53.3 75.4 60.3 61.4 95.5 57.2 32.5 71.0 87.0 72.4 82.3 62.8 93.4 86.5 68.3
MinkowskiNet [1] 73.6 85.9 81.8 83.2 70.9 84.0 52.1 85.3 66.0 64.3 95.1 54.4 28.6 73.1 89.3 67.5 77.2 68.3 87.4 85.2 72.7

Ours 74.6 77.1 81.9 84.8 70.2 86.5 39.7 89.9 69.9 66.4 94.8 58.8 33.0 74.6 85.1 76.4 79.6 70.4 93.5 86.6 72.8

Table 1: Per class 3D semantic labeling results on the ScanNet test split.
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3DMV [2] 49.8 48.1 61.2 57.9 45.6 34.3 38.4 62.3 52.5 38.1 84.5 25.4 26.4 55.7 18.2 58.1 59.8 42.9 76.0 66.1 44.6
AdapNet++ [7] 50.3 61.3 72.2 41.8 35.8 33.7 37.0 47.9 44.3 36.8 90.7 20.7 21.3 46.4 52.5 61.8 65.7 45.0 78.8 72.1 40.8

SSMA [7] 57.7 69.5 71.6 43.9 56.3 31.4 44.4 71.9 55.1 50.3 88.7 34.6 34.8 60.3 35.3 70.9 60.0 45.7 90.1 78.6 59.9
Ours 74.5 86.1 83.9 88.1 67.2 51.2 42.2 89.8 72.3 71.4 95.4 45.4 50.9 77.3 89.5 75.6 82.0 65.3 93.5 89.1 72.8

Table 2: Per class 2D semantic labeling results on the ScanNet test split.
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