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Pseudo-Labeled Video Sequences: We visualize the generated pseudo-
labeled sequences at iteration 1 and iteration 2 for a short video sequence
from train-sequence set. For each second, we visualize the input image (left),
pseudo-labels at iteration 1 (Teacher with X-71), and pseudo-labels at iteration
2 (Teacher with WR-41). We also overlay the pseudo-labels with images.

Architecture of proposed WR-41: In Tab. 1, we provide the architecture
details of WR-38 [1] and our proposed WR-41.

layer name input size output size WR-38 [1] WR-41

conv1 224×224 224×224 3×3, 64

B2 224×224 112×112

[
3×3, 128
3×3, 128

]
×3

[
3×3, 128
3×3, 128

]
×3

B3 112×112 56×56

[
3×3, 256
3×3, 256

]
×3

[
3×3, 256
3×3, 256

]
×3

B4 56×56 28×28

[
3×3, 512
3×3, 512

]
×6

[
3×3, 512
3×3, 512

]
×6

B5 28×28 14×14

[
3×3, 512
3×3, 1024

]
×3

[
3×3, 512
3×3, 1024

]
×3

B6 14×14 7×7

 1×1, 512
3×3, 1024
1×1, 2048

×1

 1×1, 512
3×3, 1024
1×1, 2048

×3

B7 7×7 7×7

 1×1, 1024
3×3, 2048
1×1, 4096

×1

7×7 1×1 average pool, 1000-d fc, softmax

Params (M) 109 111

M-Adds (B) 46 49.3

Table 1. Architectures for WR-38 [1] and our proposed WR-41 on ImageNet. The
M-Adds are computed w.r.t. an 224× 224 input.
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