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This supplementary material is organized as follows:

— Section A provides illustrated examples of our theoretical analysis.
— Section B details the ScanNet-md40 and TO-SCENE-down benchmarks.
— Section C details the experimental results with per-category APs.

We also include a demo video and our source code in the supplementary material.

A TIllustrated Examples

We provide detailed explanation of Equation (1), (2), (3) and (4) in this section. Our
theoretical derivation is shown in Figure 1.

Eql: Assuming we are pruning f;, without loss of generality, we only need to con-
sider one object ¢; (j < ) to acquire K;(c;). Then we can summarize all K;(c;) to
acquire the final pruning mask M.

Eq2: Figure 1 (a) shows the expansion of affecting field between level ¢ and 7 — 1.
Eq (2) can be detailed as:

aff({xk}7y7 {Zk}) =
L+) (=D 2+1+y—1+ > (2 —1) (1)
k=1

k=1

Given {x} = @, {y} = 3 and {2} = {3, 3}, the affecting field A; ;_1(v;) is a cube
of 9 x 9 x 9 voxels in level 7 — 1.

Eq3: According to Figure 1 (b) and (c), to ensure C;(c;, P) unaffected, we only
need to ensure C;_1 (cj, P) unaffected, as we explained in Line 200-203, Page 7. With
the help of (a), we can derive the range r of pruning mask K;(c;), as shown in Eq (3).
In this way, we can prune all voxels outside the  x r X r pink box in level ¢ without
affecting C;—1(c;, P).

Eq4: However, we need to further ensure pruning in level 7 has no cumulative affect
on pruning in level ¢ — 1. When we prune f;_1,if j < ¢ — 1, we still need to ensure

* Equal contribution. " Corresponding author.
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Fig. 1: Visual demonstration of our pruning strategy. (a) shows how a voxel in level ¢ affects
neighbor voxels in level ¢ — 1 after several convolutional layers. The affecting field A; ;—1(f)
is shown in translucent mask. (b) and (c) show how the choice of P affects the pruning strategy,
where the blue region is the unaffected P x P x P voxels C;—1(c;, P), the black cross is object
center c; and the pink box is the pruning strategy K(c;). All voxels outside the pink box will be
pruned.

Ci—2(cj, P) unaffected. Similarly, we can derive the pruning mask /C;_1(c;), which is
a cube with length r-.S;_1. Note that the unpruned voxels should be unaffected in order
for the recursion to be correct. In another word, the pink box in level ¢ — 1 should be
fully covered by the blue region. This is the meaning of Eq (4). When P = 3, then
r = b, so that some unpruned voxels are still affected. When P = 7, then » = 7, which
exactly ensures the unpruned voxels to be unaffected.

B Details on Benchmarks

We demonstrate the detailed categories and the number of objects in each class for both
benchmarks in Figure 2. We observe significant long tail effect in both benchmarks and
find that the number of small objects in the real world dataset (i.e. ScanNet) is usually
small, which poses great challenge to the 3D object detector.

In order to prove the necessity of downsampling for small objects in TO-SCENE-
down, we further visualize the scenes in TO-SCENE before and after downsampling in
Figure 3. It can be seen that the original dataset [1] contains densely and non-uniformly
sampled small objects, whose density is obviously much larger than other objects and
backgrounds. While after our downsampling, the overall scenes are closer to naturally
sampled real scenes.

C Class-specific Results

We provide more detailed experimental results on ScanNet-md40 and TO-SCENE-
down with class-specific APs. Table 1, 2, 3 and 4 refer to AP@0.25 on ScanNet-
md40, AP@0.5 on ScanNet-md40, AP@0.25 on TO-SCENE-down and AP@0.5 on
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Fig. 2: Number of objects in each category for ScanNet-md40 and TO-SCENE-down. For each
category, we report the total number of objects on training and validation sets and use red and
blue bars to distinguish the numbers on each set.

TO-SCENE-down respectively. We highlight the categories of small objects in blue. It
can be seen that DSPDet3D achieves much better performance on small objects com-
pared with the state-of-the-arts.
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Fig. 3: Visualization of scenes in TO-SCENE before (originally provided in [1]) and after (our
TO-SCENE-down benchmark) downsampling. After downsampling, the density of points on
small objects is closer to others, which is more realistic.
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Table 1: The class-specific detection results (AP@0.25) of different methods on ScanNet-md40
benchmark. We highlight the categories of small objects in blue.
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Bathtub {90.39 84.26 91.46 92.70 71.36 44.22 44.69 83.65 93.93 88.16 84.89|86.77 86.77
Bed 87.30 89.03 88.46 89.11 71.58 90.74 87.74 86.91 87.64 88.28 87.01/89.31 89.38
Bench 48.34 40.56 46.89 38.20 10.01 47.79 42.09 39.20 53.05 48.73 53.58|52.93 53.15
Bookshelf |55.47 54.43 59.88 58.90 20.97 61.86 69.09 65.88 66.17 66.01 62.27(67.06 67.43
Bottle 0.00 0.06 1.22 4.16 0.00 0.20 5.56 2.98 3.23 12.19 26.58(26.91 17.36
Chair 89.03 89.15 91.70 93.20 56.76 94.16 95.04 94.96 95.58 94.90 95.52|95.68 95.65
Cup 0.00 0.00 0.00 4.37 0.01 0.00 0.00 5.85 12.95 6.60 14.60(20.86 24.04
Curtain  |56.69 59.17 67.00 70.31 27.31 62.81 72.45 68.00 62.54 67.06 69.52|70.73 70.72
Desk 68.81 60.05 76.48 75.13 40.43 76.83 79.21 74.94 74.27 70.04 74.33|72.83 72.87
Door 53.17 48.57 59.45 61.62 16.70 59.55 61.78 60.26 60.91 63.61 65.06(67.68 67.82
Dresser |32.63 38.88 34.70 48.60 28.88 40.23 60.42 31.62 40.82 37.22 36.81(28.67 26.37
Keyboard | 0.03 0.19 0.09 3.19 0.00 0.00 22.37 27.96 46.58 44.27 58.24|58.55 60.91
Lamp 49.26 43.29 49.33 59.05 8.76 56.90 61.19 61.00 61.32 65.55 62.65|64.34 64.60
Laptop 1.17 3.91 11.09 19.10 0.81 23.11 38.45 36.95 47.31 47.64 67.38(72.85 72.77
Monitor [67.18 68.76 74.88 83.35 30.12 83.63 86.93 88.71 89.20 91.73 88.96|92.87 91.49
Night_Stand|81.35 78.26 86.12 83.77 56.51 80.86 91.62 90.39 91.44 80.64 92.10|81.95 81.41
Plant 29.36 18.08 29.45 21.71 4.24 50.47 59.87 43.29 35.78 61.35 58.18|65.92 63.95
Sofa 88.89 87.33 89.09 84.79 53.99 91.32 91.41 88.38 91.32 85.49 89.90(/90.62 90.61
Stool 44.34 37.72 37.63 44.54 17.66 51.41 55.25 52.51 42.65 53.21 46.76|43.95 45.49
Table 64.35 60.42 65.69 74.31 32.61 74.41 70.37 71.47 69.99 69.52 70.46|70.66 70.63
Toilet 94.01 95.48 97.89 95.82 82.95 97.76 99.73 99.39 98.81 99.83 99.60(99.85 99.85
Wardrobe [20.67 12.04 18.72 43.01 16.02 26.80 31.12 34.48 29.49 36.17 29.51|17.61 17.66
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Table 2: The class-specific detection results (AP@0.5) of different methods on ScanNet-md40
benchmark. We highlight the categories of small objects in blue.
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Bathtub [79.13 84.26 86.16 85.47 44.68 39.46 42.97 83.65 84.21 77.90 78.36|81.07 81.07
Bed 82.43 80.35 82.69 81.85 42.71 78.17 81.93 80.91 82.32 82.31 80.86|83.47 83.50
Bench 1.63 4.57 22.45 236 0.51 1.53 14.50 27.95 34.15 27.19 43.74|41.68 41.79
Bookshelf [34.16 29.23 43.99 44.51 4.07 44.06 55.92 56.06 54.22 56.38 51.46|56.55 56.84
Bottle 0.00 0.00 0.00 0.08 0.00 0.00 1.44 0.48 1.50 8.47 19.09(20.91 13.40
Chair 74.22 69.87 80.52 83.41 14.31 82.33 90.19 89.98 91.13 90.01 91.53(91.36 91.28
Cup 0.00 0.00 0.00 0.00 0.00 0.00 0.00 2.69 598 5.74 13.94|18.81 21.51
Curtain  [19.27 17.46 30.86 44.91 1.16 15.56 44.52 43.62 34.97 40.01 42.53|44.51 44.51
Desk 36.27 32.54 49.13 47.80 10.95 45.39 60.25 54.36 58.66 50.36 59.03(56.36 56.37
Door 22.37 18.54 32.57 38.00 2.05 34.14 46.36 42.34 43.72 42.28 48.50(49.40 49.54
Dresser |22.24 23.72 26.66 35.84 4.80 24.53 47.19 25.14 35.14 29.50 30.08(23.04 20.89
Keyboard | 0.00 0.00 0.00 0.84 0.00 0.00 5.40 2.89 13.36 25.61 38.15|37.87 36.47
Lamp 21.95 11.31 28.96 35.29 0.08 26.10 53.80 47.10 42.60 51.48 44.77|49.65 50.62
Laptop 0.00 0.04 3.60 2.30 0.00 0.00 27.37 26.77 29.47 25.10 47.07|48.61 50.12
Monitor |28.18 24.70 35.05 42.82 2.01 30.24 68.77 66.31 74.31 73.87 74.63|75.01 76.03
Night_Stand|70.94 59.96 78.42 71.77 31.82 71.30 91.62 83.49 89.86 80.15 86.26|81.46 80.15
Plant 11.59 9.82 20.37 13.21 0.44 26.55 52.90 35.56 30.17 52.48 52.00({54.07 53.41
Sofa 72.68 76.60 74.89 70.23 24.38 67.25 83.29 78.04 78.14 77.04 83.63(83.00 82.99
Stool 28.24 21.08 25.53 40.49 7.10 15.68 51.59 47.54 40.50 46.59 43.85(40.99 42.27
Table 48.72 39.26 47.40 59.83 9.22 38.50 61.56 59.82 60.41 59.87 58.51(59.28 59.20
Toilet 81.74 86.43 85.06 89.99 61.14 75.64 96.08 95.72 87.51 97.65 90.95|95.98 96.07
Wardrobe | 542 4.36 8.75 19.58 1.25 1.65 20.15 22.08 27.23 22.31 9.63 | 8.03 7.58
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Table 3: The class-specific detection results (AP@0.25) of different methods on To-Scene bench-

mark. We highlight the categories of small objects in blue.
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Cabinet 53.34 49.72 5894 6190 57.12 6536 66.65 63.93 61.56 67.44 67.26 | 64.05 64.36
Bed 84.96 82.54 80.13 82.13 80.25 92.11 84.66 80.93 78.29 75.81 71.90 | 76.28 76.28
Chair  |87.79 8554 8954 9255 8820 9257 9420 9270 9414 9365 9397 | 9348 93.61
Sofa  [92.00 89.87 $7.43 9132 8633 88.96 8699 89.75 90.65 $7.81 90.11 | 91.62 91.65
Table  |67.19 6444 6824 7424 69.97 8621 7325 7572 7942 7825 7730 | 7899 78.99
Door  [5139 5288 53.85 6060 53.62 59.99 5999 5037 5588 5844 5868 | 57.40 5705
‘Window 41.05 4340 44.87 4821 41.62 58.83 53.19 46.33 43.79 47.99 4521 | 43.10 41.56
Bookshelf 29.69 24.08 30.24 2843 27.74 27.52 2629 21.24 29.02 3248 24.57 | 34.26 34.66
Picture 6.60 6.78 826 11.73 828 28.63 26.59 14.04 11.80 18.73 21.17 | 20.34 17.01
Counter 56.73 51.35 63.49 6273 63.39 71.11 71.83 6790 63.98 62.67 65.65| 58.33 59.14
Desk 59.65 57.20 56.39 59.23 49.80 64.55 64.29 63.38 59.20 61.12 62.24 | 59.03 59.30
Curtain 48.39 46.38 54.85 5423 5641 37.68 65.68 5477 43.18 S51.79 53.61 | 5446 54.64
Refrigerator  |49.68 54.76 69.77 65.12 4131 67.51 7450 7535 65.85 68.11 64.06 | 71.38 71.80
Showercurtrain |75.65 78.95 75.76 7847 81.55 83.46 79.70 7848 39.93 8246 56.37 |57.29 51.09
Toilet  [99.73 99.98 100.00 100.00 100.00 100.00 99.58 100.00 100.00 100.00 100.00 | 100.00 100.00
Sink 66.61 73.02 8524 8541 8465 8452 8549 90.04 9218 9230 8994 | 88.11 8758
Bathtub 9580 9542 9574 9591 9626 94.54 9602 93.14 9480 9630 9589 | 9630 96.30
Garbagebin 51.42 49.21 56.03 68.63 58.57 68.96 69.86 68.51 66.30 71.44 7136 |72.83 70.77
Bag 3922 4908 4483 60.35 69.97 7375 8927 8363 8928 §933 9171|9190 9119
Bottle 15.00 30.67 20.20 3324 53.09 5826 69.44 3588 70.83 68.38 83.14 | 83.06 83.31
Bowl 11.79 2327 872 1258 44.17 39.89 85.21 55.08 73.95 8552 93.08 | 92.29 92.71
Camera 7.88 1557 9.40 691 24.00 13.06 53.30 44.11 62.24 6523 70.69 | 79.41 78.45
Can 1240 2205 14.65 2608 4143 4535 7629 4240 7681 7054 89.41 | 8939 89.63
Cap 1946 4649 1553 3434 6086 4589 8458 67.04 8238 7898 8672 | 9202 91.90
Clock 129 187 094 356 542 1413 1130 265 2660 2317 3045 | 36.12 36.83
Keyboard | 0.14 1435 305 520 2671 086 5643 3804 7635 5445 9191|9394 9051
Display  |5327 47.56 5415 4678 6693 8161 8827 8655 87.00 8123 92.96 | 93.94 93.96
Eaphone | 8.94 28.85 6.06 1731 4637 27.75 7342 5600 75.10 6467 80.53 | 8171 81.40
Jar 531 2954 675 775 2842 2547 3458 2563 2392 3875 39.66 | 3320 3318
Knife 0.63 0.00 0.18 1.72 1.26 126 000 024 1652 1848 3273 | 31.68 31.70
Lamp 34.45 5344 4138 5899 6795 72.67 89.10 7845 83.13 90.53 89.47 | 9234 92.16
Laptop 65.25 66.98 67.75 82.17 94.18 88.77 96.86 9594 96.83 97.93 98.15 | 98.00 97.12
Microphone 0.04 0.00 0.01 0.01 0.04 0.16 0.00 0.16 0.96 7.87 1.38 2.26 245
Microwave |50.07 5279 5018 5493 5249 6378 8298 7813 69.59 £9.10 84.96 | 9068 90.01
Mug 1390 2948 1580 24.00 4859 39.16 8577 5340 78.14 7678 93.60 | 9418 93.86
Printer  [27.09 2225 4207 4361 3557 5419 6572 6849 6663 70.62 73.67 | 65.19 64.06
Remote Control | 036 233 022 032 200 268 1238 168 3458 17.03 5049 | 6044 6042
Phone 152 622 161 289 1596 1454 2013 997 6623 2949 79.46 | 8459 84.60
Alarm | 307 1211 356 951 1004 1344 3908 2060 30.59 4389 4812|5657 58.09
Book  [2037 3158 27.02 31.00 3888 3374 5775 3495 6388 5924 72.07 | 7600 76.61
Cake 20.69 27.18 22.09 27.41 3848 31.28 64.14 5694 5451 6554 56.40 | 65.61 64.76
Calculator 1.51 634 199 2.88 1371 11.74 21.56 16.73 3434 31.16 47.77 | 5343 52.72
Candle 28.00 29.63 21.62 42.58 4931 53.19 56.87 41.87 6545 71.23 70.38 | 69.32 69.76
Charger 0.03 212 033 0.53 1.78 8.09 2222 633 3747 3447 5848 | 6544 62.81
Chessboard | 6.80 45.14 1933 2738 7476 7196 8745 7831 7794 7306 8203 | 89.12 8972
Coffee_Machine |4121 27.08 3204 3488 47.09 5352 7794 6297 3869 5674 4934 | 60.68 60.85
Comb | 030 121 012 167 628 482 1105 244 2396 3423 4843 | 5338 4574
Cutting Board 1057 829 1422 1790 3876 3021 000 3218 6559 77.53 7234 | 6972 6220
Dishes  |1125 2630 9.16 21.03 4012 26.11 70.50 42.89 64.15 7743 7234 | 7150 68.77
Doll 1.14 189 0.70 724 17.74 212 955 1.68 1454 1549 10.21 | 28.84 25.06
Eraser | 000 004 000 000 000 055 000 029 3487 1371 6128|6613 6098
Eye_Glasses 5.67 2320 7.84 1257 40.69 31.52 8129 5837 9195 76.77 97.20 | 98.20 98.41
File_Box 56.97 49.39 33.74 40.07 4578 5542 6347 60.84 67.27 70.03 73.19 | 71.86 72.55
Fork 0.84 0.61 1.76 1.31 1.86 149 652 6.84 17.14 13.33 29.90 | 30.95 32.48
Fruit 256 954 215 753 2977 2058 6204 3200 5227 6227 8003 | 8195 8203
Globe  |3087 2041 1991 39.84 5262 3567 7565 64.64 6502 7412 80.54 | 7933 7830
Hat 187 2249 295 418 1318 683 5365 23.64 3208 4068 50.14 | 5234 4958
Mior 070 1736 076 020 054 563 058 2893 130 2389 155 | 325 287
Notebook | 390 8.02 852 833 23.19 2665 3744 1761 5938 30.12 6350 | 69.06 68.64
Pencil | 001 114 008 006 100 151 000 347 3200 2853 5531 | 6504 6532
Plant  [3159 4974 3544 5365 6560 60.77 §7.03 7341 7899 8643 8862 | 8734 §7.54
Plate 531 20.83 7.71 10.31 27.52 38.64 60.91 19.40 80.18 63.41 96.94 | 98.03 98.03
Radio 195 550 559 3.13 6.80 12.77 15.56 1042 18.59 25.11 2587 | 32.59 3235
Ruler 0.02 125 042 0.13 1.68 096 399 1.09 3556 1491 5844 |61.15 61.78
Saucepan 31.34 32.74 2473 39.52 47.05 37.65 73.89 37.29 30.28 4826 50.70 | 63.28 63.36
Spoon | 005 176 119 065 404 597 989 290 2735 29.13 3352|3893 38.14
Tea Pot  |21.10 2832 17.05 3306 4887 4251 8943 7664 77.67 89.80 8835 | 9176 9192
Toaster  |13.88 2195 1951 1142 1627 1990 3461 3132 29.11 3750 2448 3488 3501
Vase (2595 3729 17.00 3159 4684 3772 6579 5250 5439 6401 67.67 | 73.63 7327
Vegetables | 043 712 040 066 1835 1027 001 473 962 979 7.06 | 1400 1352




Table 4: The class-specific detection results (AP@0.5) of different methods on To-Scene bench-
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mark. We highlight the categories of small objects in blue.
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Cabinet 19.75 18.39 2536 34.62 25.64 40.75 4845 3636 3793 46.04 4536 | 4275 4293
Bed 73.12 7646 78.68 74.08 71.35 9037 74.66 7589 67.55 69.50 64.60 | 67.20 67.21
Chair 71.68 66.72 79.05 8435 77.56 8599 9035 87.31 89.64 8829 90.28 | 88.48 88.34
Sofa 86.54 8229 84.88 86.89 79.51 83.64 81.79 88.81 90.65 7845 88.87|88.61 88.34
Table 51.04 4721 58.03 6625 59.27 76.61 69.99 71.10 7252 7211 70.76 | 72.76 72.78
Door 2572 24.80 3347 4378 3332 41.23 49.61 39.67 4273 4575 4682 | 4434 4353
Window 18.49 188.00 20.23 2256 18.05 3476 31.92 2436 24.19 2329 2130|1527 1548
Bookshelf 2222 1442 1549 1283 1629 20.03 2290 1033 2222 23.78 20.23 | 3047 30.81
Picture 0.69 035 175 688 342 1388 1348 512 350 1351 1941|1587 827
Counter 18.08 9.07 1745 3721 3122 4043 49.28 43.81 40.71 4546 3181 |29.12 2943
Desk 35.78 26.70 3547 4583 37.67 4568 37.99 4225 4213 3371 40.19 | 39.06 39.18
Curtain 11.85 13.01 6.57 1500 19.05 12.10 19.58 10.60 1542 924 1446|2127 2137
Refrigerator |38.74 33.15 47.15 27.88 2122 5358 64.15 54.13 50.53 59.20 6229 | 57.12 57.40
Showercurtrain |41.76 41.14 7098 71.58 40.11 78.05 68.52 7277 30.12 73.76 44.63 | 52.55 46.85
Toilet 92.55 9228 100.00 100.00 100.00 100.00 99.58 100.00 100.00 100.00 100.00| 100.00 100.00
Sink 19.97 2251 38.04 43.85 4229 4028 51.54 4637 5516 53.83 44.04 | 52.09 50.92
Bathtub 7246 81.61 7925 80.75 80.94 81.01 81.27 88.77 8538 90.30 83.50 | 76.03 76.03
Garbagebin  [27.98 23.46 40.25 50.67 41.58 56.65 64.57 6039 57.68 6561 64.48 |63.97 61.21
Bag 12.48 18.08 20.08 26.86 41.31 57.46 8231 75.13 81.16 87.70 87.94| 89.19 88.55
Bottle 335 777 643 822 1378 43.00 66.27 27.81 6595 66.51 6448 | 82.36 8231
Bowl 0.81 534 050 049 12.83 1949 8256 5206 68.56 82.05 92.50| 9229 92.71
Camera 219 205 338 152 10.81 898 4993 3538 57.19 6443 68.06 | 75.50 74.32
Can 206 350 360 547 1044 36.19 7351 3174 6829 66.53 86.73 | 87.88 88.00
Cap 1.69 1638 649 1087 3343 3772 8034 6426 8236 78.63 86.67 | 91.81 91.36
Clock 0.00 0.19 000 273 040 894 8.68 0.97 14.65 1733 26.70 | 27.32 25.22
Keyboard 0.00 746 000 1.07 221 046 4601 18.12 51.17 4625 90.25 | 84.05 80.65
Display 11.84 12,10 26.07 3146 28.19 51.38 8224 7747 80.11 7820 90.89 | 91.58 91.65
Earphone 259 6.62 092 452 2285 20.82 3370.73 49.99 71.87 61.81 78.13 | 79.25 78.86
Jar 210 1377 296 229 2122 2242 3381 2127 2218 3875 39.66 | 33.20 33.15
Knife 0.00 0.00 0.00 000 1.00 0.00 0.00 000 140 16.89 27.70 | 26.66 26.57
Lamp 13.97 27.06 25.67 4375 5296 62.17 89.10 73.67 80.54 90.53 89.47 | 90.68 90.48
Laptop 2434 1731 4220 5285 81.32 7585 9451 91.86 9432 97.04 97.15| 96.59 95.52
Microphone 0.00 0.00 000 0.01 001 0.06 0.00 0.02 096 7.87 138 | 226 245
Microwave 16.18 2578 36.97 4191 47.12 5450 8298 77.52 66.45 87.76 84.96 | 90.68 90.01
Mug 2,60 7.84 474 500 13.03 27.83 83.00 4279 73.64 7379 9240 | 93.15 9273
Printer 10.56 6.99 26.64 3236 26.62 4587 6505 66.80 61.81 66.61 73.67| 6519 64.06
Remote Control | 0.00 0.33 0.01 000 0.00 0.19 1.66 0.85 21.92 1252 43.67 | 5475 5473
Phone 0.04 039 002 009 050 195 1886 490 3450 21.68 66.15 | 75.14 74.42
Alarm 049 437 085 244 684 779 3516 17.02 2670 36.62 43.81 | 49.04 50.49
Book 391 570 659 572 887 1942 5452 30.53 57.04 5881 70.69 | 7529 75.12
Cake 15.39 1540 20.09 2334 3324 3027 61.54 5642 5317 6427 5550 | 64.51 63.42
Calculator 002 0.19 068 005 061 256 16.88 1028 27.70 29.14 4645 | 51.23 5027
Candle 11.18 1059 11.51 1820 17.60 36.10 53.74 36.69 26.06 71.00 69.85| 69.29 69.32
Charger 0.01 001 007 000 001 071 1035 090 12.03 2033 38.89 | 49.32 4648
Chessboard 0.00 3.19 0.1 891 3656 4526 78.72 6271 6745 6124 7046 | 76.69 78.07
Coffee_Machine | 11.13 20.39 20.38 1843 3455 53.51 77.56 5793 38.69 56.74 49.34 | 60.68 60.85
Comb 0.00 0.00 000 0.04 008 0.01 571 0.03 213 1959 3599 | 43.72 37.76
Cutting_Board | 2.79 0.69 2.19 457 1923 1597 0.00 2723 5440 6125 49.67 | 63.59 55.86
Dishes 130 228 1.73 515 1001 1577 6585 29.00 61.69 77.31 72.25|71.16 68.38
Doll 0.14 101 000 684 552 206 9.12 144 1448 1549 10.18 | 28.82 25.03
Eraser 0.00 0.00 000 0.00 000 0.00 000 000 1029 341 19.20| 3599 36.67
Eye Glasses | 0.15 1.78 0.65 048 296 9.69 7273 3783 77.15 71.12 9049 | 9552 9521
File_Box 15.22 1548 2351 2695 35.66 5342 6336 6291 6686 70.03 73.19 | 71.31 71.46
Fork 0.00 000 0.00 000 0.17 0.00 0.05 0.00 298 559 886 | 1491 1434
Fruit 077 088 041 1.82 7.1 1144 5814 2236 42.00 5938 76.82| 77.79 78.10
Globe 2548 2542 16.80 37.32 49.97 3295 7562 6477 6498 74.12 80.54 | 79.33 78.30
Hat 0.04 1390 246 1.66 341 623 46.89 2434 32.08 40.68 50.14 | 52.34 49.58
Mirror 0.13 1671 003 0.00 000 090 047 376 097 2389 117 [ 261 230
Notebook 031 095 1.19 041 204 687 2477 7.09 4573 2523 52.65|64.35 63.36
Pencil 0.00 0.03 000 000 002 0.03 0.00 021 7.83 13.81 2323|3972 40.72
Plant 1255 25.19 24.01 39.13 49.13 5249 84.15 6691 7574 83.58 86.05| 86.11 85.76
Plate 036 069 041 087 1.61 1654 3890 18.06 74.66 5851 9449 | 96.05 9599
Radio 007 0.13 214 002 185 339 4.81 3.18 1142 10.58 16.00 | 16.58 13.37
Ruler 0.00 0.06 000 0.00 000 0.00 0.17 0.07 807 675 23.11 | 3820 37.26
Saucepan 21.64 16.14 11.19 2624 17.81 31.15 7349 3025 2475 4826 50.70 | 63.28 63.36
Spoon 0.00 0.00 000 000 0.10 020 0.56 121 545 9.08 17.86 | 22.30 20.90
Tea_Pot 7.03 1242 929 21.50 31.24 3485 87.60 7344 7646 88.12 88.04 | 91.11 91.24
Toaster 218 6.18 1051 512 486 1579 32.65 2629 27.72 3577 2427|3440 3452
Vase 743 1793 11.02 19.63 3639 3334 6457 5235 5275 6392 67.60 | 73.40 73.03
Vegetables 0.00 0.18 0.3 020 491 975 0.01 500 9.62 934 705 | 1400 1344
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