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TexDreamer: Towards Zero-Shot High-Fidelity

3D Human Texture Generation
—Supplementary Material—

In this supplementary material, Sec. 1 provides more information regarding
the ATLAS dataset construction. Sec. 2 presents more analysis of TexDreamer
training. Sec. 3 show more qualitative results of TexDreamer, including both
text-to-UV and image-to-UV. We also present more human textures included in
our ATLAS dataset.

1 More Details of ATLAS Construction

Text Augmentation. To acquire multi-view images for fictional characters, we
use text augmentation to promote the consistency of generated character identi-
ties. Tab. 1 provides details about view-related and other description prompts.
The positive prompt Tpos is used to condition the main generation direction.
We describe Tpos with character identity Tid, generate poses Tpose and other
descriptions Tother.
ChatGPT Prompt Structure. We divide avatar descriptions into four cate-
gories: detailed description, fictional character, celebrity, and general description.
For each category, we design distinct generation templates. For each category
in Fig. 1, “[ ]” content is included with every prompt, “( )” indicates the content
appears randomly.
Materials. We provide more material settings for rendering textured humans.
To achieve authentic human-like material, we set “dielectric specular reflection”
to 0.1, and increase the “Roughness” to 0.6. Moreover, “Sheen Tint” is 0.5,
“Clearcoat Roughness” is 0.03, and “Index of refraction for transmission” (IOR)
is 1.45. The “Alpha” channel remains to be 1.

Table 1: Overview of prompts we used for ATLAS sample texture image generation.

Tpos Tneg

view

front front side, from front, the
front of Tid

backside

back backside, from back, the
backside of Tid

front, face, head

left left side, from left front, back
right right side, from right front, back

other black background, diffuse rendering,
daylight

overexposed, nude, layman work,
worst quality, teeth, smile, open mouth,

eyes closed
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Detailed Description

𝑒𝑒.𝑔𝑔. : 𝑊𝑊ℎ𝑖𝑖𝑡𝑡𝑒𝑒 𝑚𝑚𝑎𝑎𝑛𝑛, 𝑠𝑠𝑡𝑡𝑟𝑟𝑖𝑖𝑝𝑝𝑒𝑒𝑑𝑑 𝑠𝑠ℎ𝑖𝑖𝑟𝑟𝑡𝑡, 𝑝𝑝𝑙𝑙𝑎𝑎𝑖𝑖𝑑𝑑 𝑝𝑝𝑎𝑎𝑛𝑛𝑡𝑡𝑠𝑠, 𝑏𝑏𝑙𝑙𝑜𝑜𝑛𝑛𝑑𝑑𝑒𝑒 ℎ𝑎𝑎𝑖𝑖𝑟𝑟, 
𝑚𝑚𝑖𝑖𝑑𝑑𝑑𝑑𝑙𝑙𝑒𝑒-𝑎𝑎𝑔𝑔𝑒𝑒𝑑𝑑

(race or country) (appearance) [gender] [clothing] [hair] [age] 

[name] [common clothing] [hair] 

Celebrity

𝑒𝑒.𝑔𝑔. : 𝐻𝐻𝑒𝑒𝑛𝑛𝑟𝑟𝑦𝑦 𝐶𝐶𝑎𝑎𝑣𝑣𝑖𝑖𝑙𝑙𝑙𝑙, 𝑏𝑏𝑙𝑙𝑎𝑎𝑐𝑐𝑘𝑘 𝑠𝑠𝑢𝑢𝑖𝑖𝑡𝑡, 𝑠𝑠ℎ𝑜𝑜𝑟𝑟𝑡𝑡 𝑑𝑑𝑎𝑎𝑟𝑟𝑘𝑘 ℎ𝑎𝑎𝑖𝑖𝑟𝑟

Fictional Character

[name] [common clothing] 
𝑒𝑒.𝑔𝑔. : 𝑆𝑆𝑢𝑢𝑝𝑝𝑒𝑒𝑟𝑟𝑚𝑚𝑎𝑎𝑛𝑛, 𝑏𝑏𝑙𝑙𝑢𝑢𝑒𝑒−𝑟𝑟𝑒𝑒𝑑𝑑 𝑐𝑐𝑜𝑜𝑠𝑠𝑡𝑡𝑢𝑢𝑚𝑚𝑒𝑒

General Description

[category]
𝑒𝑒.𝑔𝑔. : 𝐶𝐶𝑙𝑙𝑜𝑜𝑤𝑤𝑛𝑛

Fig. 1: Prompt structure for ATLAS construction.
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Fig. 2: Correlation between Training Sample Size and Texture FID Score.

2 More Analysis of TexDreamer

Training Sample Size. Different training sample sizes can have different in-
fluences on model generation ability. We use the FID score to evaluate different
training sizes. FID score measures the similarity between the distribution of
generated images and the distribution of real images. Lower FID values mean
better image quality and diversity. Toward human texture generation from text,
T2UV, we experiment with sample size spans from 10 to 300 with an interval of
20, see results in Fig. 2. We find that the FID score between each test set and its
train set tends to gradually start to become consistent over 100 training samples.
This indicates that the model has reached a point of saturation with the given
training data. In other words, the model learned the UV structure using around
100 textures, adding more training samples will not continue to contribute to
improving model’s ability to generate new, diverse, and high-quality textures.

3 More Qualitative Results

We show more qualitative results of TexDreamer and ATLAS. For generating
textures from text, we show more results including both realistic humans and
fictional characters in Fig. 3, Fig. 4, and Fig. 5. Meshes are generated with
text-to-avatar method TADA, and we animate the fictional characters with
Mixamo. Fig. 6 also show more results with textures generated from images.
Moreover, we display more human textures included in our ATLAS dataset,
see Fig. 7, Fig. 8 and Fig. 9.
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Russian man, white crew neck t-shirt, black 
joggers, brown hair

Latino man, leather jacket, cargo shorts, black 
hair, teenager

Middle eastern man, blue denim jacket, blue jeans, 
black hair

Brazilian man, pink polo shirt, white dress pants, 
dark brown hair

attractive man, burgundy turtleneck, white 
pinstripe pants, light brown hair

North Korean man, denim T-shirt, short sleeves, 
capri jeans, black hair, young adult

charming man, green varsity jacket, black harem 
pants, light brown hair, young adult

Mexican man, windbreaker, white gym shorts, 
black hair, teenager

Fig. 3: Realistic human textures generated from text with TexDreamer, each rendered
with the same mesh.
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African man, orange long sleeve shirt, denim 
shorts, light brown hair

Latino man, grey streetwear t-shirt, black jeans, 
black hair, urban

Arabian man, silver tuxedo, dark grey dress pants, 
gray hair, elderly, monocle

handsome white man, white jacket, black pants, 
blonde hair

Middle Eastern man, tweed blazer, light khaki 
dress pants, gray hair, elderly

Latino man, formal black suit, dress trousers, 
brown hair, distinguished

Hispanic man, rugged flannel shirt, denim jeans, 
black hair

African man, muscle tee, drawstring light khaki 
shorts, light brown hair

Fig. 4: Realistic human textures generated from text with TexDreamer, each rendered
with the same mesh.
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The Hulk Pretty woman, stunning gold blouse, brown 
leggings

Black Widow

Geralt of Rivia in The WitcherSpiderman

The Flash

Link in The Legend of Zelda Iron man

Fig. 5: Fictional character textures generated from text with TexDreamer.
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Input Generated UV Rendering Input Generated UV Rendering

Fig. 6: Texture generated from images with TexDreamer.
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Fig. 7: Human textures in our ALTAS dataset, example set 1.


