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A More training details

We conducted the experiments on a single A100 GPU with 80GB of memory.
For each baseline, we adhered to the training settings specified in the original
paper. For the proposed DAFormer-FIA, which is designed for segmentation
tasks, we added one FIA layer after the original encoder module at each feature
learning stage during the downsampling process. We trained the model using the
AdamW optimizer. The encoder was trained with a base learning rate of 6e − 5,
and the decoder with 6e − 4. The model was trained with a batch size of 2 for
40k iterations. For CDTrans-FIA in the domain adaptation task, we considered
demographic attributes for query in the cross-attention layer of the backbone
ViT model and followed the same training parameters in CDTrans. IRM-FIA
was designed for the domain generalization task, which incorporated one FIA
layer after the feature encoder module of the backbone SWIM model. IRM-FIA
followed the default parameters in IRM.

B Computational complexity

The FLOPs comparison between IRM+FIA vs IRM is 5.1e11 vs. 4.9e11. The
training time per epoch and inference time per sample are 157s vs. 149s and
0.70s vs. 0.65s, respectively.
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