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A Code Availability

Our code is available at https://lait-cvlab.github.io/PosterLlama

B Effect of Data Size

Here, we demonstrate the efficiency of utilizing the language model in a data
scarcity setting. We train our model on the PKU dataset with different dataset
sizes and evaluated its performance. Figure S1 shows these results, particularly
highlighting that the model can generate high-quality layouts even in small data
settings like the 1k dataset. Additionally, from these results, we can infer the
potential causes of the small degradation in FD and und_s on the CGL dataset
mentioned in the manuscript Effect of Augmentation Analysis. The possible rea-
son could be FD’s sensitivity to the small number of the test samples; Calculating
FD with 3000 samples can introduce some variance. Another factor might be the
varying effect of augmentation across different training data sizes. The gap of
FD and und_s across different dataset sizes in Figure S1 diminishes increas-
ing the data scale. We speculate that this reduction in performance differences
introduces variance. Additionally, while und_s has slightly decreased with aug-
mentation in the CGL dataset (0.9987 — 0.9905), it still surpasses the value of
real data (0.9884).

C Code Renderer

The utilization of LLM in layout generation in this study differs from the ap-
proach of learning numerical information from bounding boxes. Instead of learn-
ing the numerical values associated with bounding boxes, the generated layouts
are processed in the form of strings. This approach introduces the possibility of
encountering two issues during the rendering process of the generated HTML
code: abnormal formats and bounding box overflow beyond the constraints of
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Fig. S1: Evaluation over the different training dataset sizes on PKU Dataset

the canvas. To assess the impact of these potential problems, we evaluate the
test set, designating instances of such issues as failure cases. The evaluation of
the test set reveals that there are no instances of failure cases. Consequently,
the code renderer for Figure 1 in the manuscript is employed as a module that
simply extracts and arranges string-formatted layout elements from HTML.

D Data Leckage Example

We thoroughly examine the data leakage mentioned in the main text. We il-
lustrate a more detailed example of data leakage in Figure S2. (a) depicts an
additional instance of data leakage, showcasing the generated layout within the
inpainted area, as highlighted in the main paper. As we can observe, RADM con-
sistently generates a layout at the inpainted location. (b) presents a comparison
between the generated layouts of PosterLlama and RADM concerning annotated
test data. The comparison demonstrates that the RADM’s result closely resem-
bles the structure of real data. These two results qualitatively verify that the
inpainting area significantly influences FD, occ, and rea.
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E Additional Qualitative Result

In this section, we provide further qualitative findings of PosterLlama. These
results demonstrate the effectiveness and versatility of our method across various
layout generation scenarios.

E.1 Undeterministic Sampling

To verify our model’s capability of creating diverse layouts as mentioned in the
introduction of our paper, leveraging temperature and top-p [l] settings, we
execute experiments with a text-agnostic model. We visualize the layouts gener-
ated from images with a range of salient objects about various seeds. Figure S3
presents the outcomes. As observed, the results demonstrate that our Poster-
Llama can produce a variety of layouts while avoiding abnormal occlusions of
salient objects and maintaining a high-quality, plausible layout.

E.2 Diverse Conditional Generation

We demonstrate PosterLlama’s capabilities in conditional generation tasks, which
are essential for real-world applications. Drawing from the approach of contents-
agnostic layout generation as defined in previous work [2], we expand upon the
main paper by adding two additional conditions including Gen-ITP and Refine-
ment, resulting in a total of seven conditions for our model’s conditional gener-
ation tasks. Gen-ITP accepts an image along with element types and positions
to generate size. The refinement task is aimed at correcting distorted layouts.
For this refinement process, we introduce perturbations to the real layout using
a normal distribution with a mean of 0 and a standard deviation of 0.01, fol-
lowing |2, 3]. Figure S4 and S5 shows the diverse conditional layout generation
of PosterLlama including Gen-I, Gen-IT, Gen ITS, Gen-ITP, Recover, Comple-
tion and Refinement task about CGL-Dataset. The result demonstrates that our
PosterLlama successfully generates an aligned, rational layout even in a condi-
tional generation. In particular, the refinement and complement in Figure S5
show impressive results about distorted elements.

E.3 Augmentation Example

In the supplementary material, we present additional results of depth-guided
augmentation in Figure S6. The red boxes in the two samples below highlight
areas affected by inpainting artifacts. As observed, the inpainting artifacts are
eliminated in the results of the augmentation. These outcomes demonstrate that
our method does more than just simple data augmentation; it also effectively
reduces the impact of inpainting artifacts.
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Fig. S2: Visualization of Data Leakage Example.
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Fig. S3: Visualization of image conditional layout generation across diverse seed.
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Fig. S4: Visualization of 5 conditional generation tasks including Gen-I, Gen-IT, Gen-

ITS, Gen-ITP,

Recover.
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Fig. S5: Visualization of 2 conditional generation including Completion and Refine-
ment.
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Fig. S6: Visualization of depth-guided augmentation. Red-box is inpainting artifacts.
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F Input-Output Prompt Example

Here, we present an example prompt for specifying a layout generation task. We
illustrate a Recover constraint example that provides an overview of all tasks.

Table S1: Recover Prompt Example

Input

Task Definition
I want to generate layout in poster design format. Please recover the layout html
according to the bbox , categories, size, image I provide (in html format)

Text Constraint
Text : ECCV2024 & PosterLlama & Try Now!

HTML Format

###bbox html:

<html>

<body>

<svg width = "513", height = "750"> ¢

<rect data-category="Text", x="172", y="<M>", width="<M>", height="29"/>
<rect data-category="Text", x="<M>", y="199", width="<M>", height="41"/>
<rect data-category="Text", x="<M>", y="201", width="162", height="39"/>
<rect data-category="Text", x="40", y="119", width="<M>", height="<M>"/>
<rect data-category="Underlay", x="190", y="16", width="<M>", height="<M>"/>
<rect data-category="Logo", x="<M>", y="189", width="<M>", height="64"/>
</svg>

</body>

</html>

Output

<html>

<body>

<svg width = "513", height = "750">

<rect data-category="Text", x="172", y="80", width="179", height="29"/>
<rect data-category="Text", x="75", y="199", width="197", height="41"/>
<rect data-category="Text", x="282", y="201", width="162", height="39"/>
<rect data-category="Text", x="40", y="119", width="45", height="58"/>
<rect data-category="Underlay", x="190", y="16", width="149", height="61"/>
<rect data-category="Logo", x="55", y="189", width="408", height="64"/>
</svg>

</body>

</html>
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