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Fig. 8: Experiments investigating the regularity properties of gradient inverse consistency show
that gradient inverse consistency does not function in the optimization-based registration frame-

work when combined with voxel-represented transformation (
work when combined with NePhi NDFs (Blue curve).
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Fig.9: Comparisons between diffusion regularizer and gradient inverse consistency (NePhi)
with NDFs in instance optimization. (a), (b) and (c) are the corresponding DICE curve, %|J| <o

curve and qualitative results of one pair of C&T solid images.
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Fig. 11: Interpolation of two latent codes predicted by NePhi that are trained on T&C hollow
dataset.



